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The	elevator	pitch:	
•  Since	 2000	 income	 inequality	 has	 declined	
among	LaJn	America	Countries.	

•  This	was	not	the	result	of	structural	reforms.	

•  Challenges	 remain	 with	 the	 addiJonal	
pressure	 of	 sustaining/extending	 current	
trends:	
–  InnovaJon	in	Public	Policies	



	
The	Good	

	
–  Decline	in	income	inequality	
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–  Wrong	messages	(e.g.,	educaJon	ends	with	a	

degree).	

		
	



	
The	Good:	

	
–  Decline	in	income	inequality	

	
The	Bad:	

	
–  Delays	(inacJon)	have	been	extremely	costly.	
–  Wrong	message	(e.g.,	educaJon	ends	with	a	

degree).	

The	Ugly:	
	

–  Schooling	 systems	 disconnected	 from	 labor	
markets.	

–  LiWle	understanding	of	labor	market	dynamics.	

		
	



	Where	are	LACs?	



2000-12:	
	
	
The	phenomenon	
follows	a	history	of	
high	and	stable	
income	inequality	

Source:	www.data.worldbank.org	



2000-12:	
	
	
The	phenomenon	
followed	high	and	
stable	levels	of	
income	inequality	

Source:	www.data.worldbank.org	



	Why?	
		

Higher	educaJon	in	the	grip	
of	the	typhoon		
(missing	the	target?)	



And	these	efforts	
correlate	with	the	
decline	in	inequality	

	
PotenJal	mechanism?	

ReducJon	in	returns	to	higher	
educaJon	



Changes	in	Returns	to	EducaJon		
(2000-2012)	

Returns	to	educaJon:	Labor	income	high	level	of	educaJon/low	level	of	educaJon	(SEDLAC	and	WB)			

De
lta

	

Increase	in	returns		

Decrease	in	returns		



Decline	in	Inequality	and	Changes	in	Returns	
to	EducaJon	(2000-2012)	

Returns	to	educaJon:	Labor	income	high	level	of	educaJon/low	level	of	educaJon	(SEDLAC	and	WB)			

Delta	

														-90%							-80%							-70%							-60%								-50%								-40%								-30%							-20%							-10%									0%											10%								20%	
																																																																	Changes	in	the	returns	to	higher	educaJon	

See	also	Ferreyra	et.	al.	(2016)	



Was	really	
educaJon?	

-  Commodity	
booms	(00s)		

-  Social	programs	
-  CCT	
-  UncondiJonal	

transfers	
-  Employment	
-  Labor	income	
-  FDI	
-  “Generous”	

economic	policies:	
								Minimum	Wage		
Term	of	trade	as	proxy	



	
	Sustainable?	

	
(Rodriguez-Castelan	et.	al.	2016;		
Silva	et.	al	2016;	Ferreyra	et.	al.	2016)		

Was	really	
educaJon?	

-  Commodity	
booms	(00s)		

-  Social	programs	
-  CCT	
-  UncondiJonal	

transfers	
-  Employment	
-  Labor	income	
-  FDI	
-  “Generous”	

economic	policies:	
Minimum	Wage	

Term	of	trade	as	proxy	



The Transmission of Commodity Price Super-Cycles

Felipe Benguria † Felipe Saffie ‡ Sergio Urzua§

August 9, 2018

Abstract

We examine the channels through which commodity price super-cycles affect the economy. Higher
commodity prices increase domestic demand (wealth channel), disproportionately benefiting non-exporters,
and induce wage increases (cost channel) especially among unskilled workers, hurting unskilled-intensive
industries. By exploiting regional variation in exposure to commodity price shocks and administrative
firm-level data from Brazil we empirically disentangle these transmission channels. We introduce a dy-
namic model with heterogeneous firms and workers to further quantify the mechanisms and evaluate
welfare. The cost channel explains two-thirds of intersectoral labor reallocation, and the wealth channel
explains two-thirds of the labor reallocation between exporters and non-exporters.
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instance, large growth in metal prices and fairly stable prices in, for example, cotton or sugarcane. At

the national level, our 1999-2013 window captures falling prices up to mid 2002 followed by a commodity

price boom with the price index at its peak in 2011 and the start of a bust in the last two years of our

sample. This is shown in figure 1b, which displays an aggregate commodity price index based on nation-

wide employment weights. Figure 1c illustrates the variation in the residual regional price index after

extracting region and period fixed effects, which is the source of our identification in the next section.

The outer bars show the 10th and 90th percentiles of the residual price across regions in each quarter,

and the inner bars show the 25th and 75th percentiles. The dashed (solid) line shows the path of the

price for the region with the price at the 10th (90th) percentile in the initial period.
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Figure 1: Commodity Prices

Note: The graph on the left shows the path of the prices in real U.S. dollars of the 14 commodities included in our commodity
price index. These prices are normalized to one in 1990. The graph on the middle shows the path of the commodity price
index for Brazil (dashed line) and its trend (solid line). The graph on the right shows the percentiles of the distribution of
the residual regional commodity price index after extraction region and period fixed effects. The outer bars mark the 10th
and 90th percentiles and the inner bars mark the 25th and 75th percentiles. The dashed (solid) line marks the path of the
residual price for the region at the 10th (90th) percentile in the initial period.

Additional Data Sources. We complement our data with information from multiple additional sources.

These include the Brazil’s household survey PNAD and Demographic Census, data on trade flows, import

tariffs, and Brazil’s input-output table. All of these are described in the appendix A.1.1 and are mostly

used for robustness checks.

3 Empirical Characterization of Transmission Channels

We start with a brief conceptual discussion of the economic mechanisms behind the transmission of

commodity price shocks throughout the economy and of our empirical framework. We disentangle the

cost and wealth channels taking advantage of the fact that each of these has heterogeneous impacts across

and within sectors.

Economic Intuition. An increase in commodity prices should lead to an expansion in the commodity

sector’s labor demand. Because the commodity sector is relatively unskilled-intensive, this implies an in-
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month of the year. We report our results using both annual and monthly (December) earnings.23 The

baseline regression includes region fixed effects, as well as year fixed effects that are allowed to vary across

Brazil’s five macro-regions.24

The results are reported in table 1. A one log point increase in the regional commodity price index is

associated to a 0.14 log point decline in the skill premium based on annual wages (column 1) and a 0.13

log point decline based on monthly wages (column 2). These large elasticities suggest that an increase

in commodity prices such as that seen in Brazil between the second quarter of 2002 and the last quarter

of 2011 (a 55 log point trough-to-peak increase) would lead to a 7 log point decline in the skill premium

(based on column 2).

Table 1: Commodity Prices and Skill Premium

(1) (2)
Annual Monthly

(log) Pricert -0.140∗∗ -0.128∗∗∗

(0.057) (0.058)

Observations 8363 7912
R2 0.694 0.687

Note: This table reports the results of the estimation of equation (4). Column 1 and, 2 correspond to annual and monthly
(December) earnings respectively. Each regression includes region as well as time (year) fixed effects that are allowed to
vary by macroregion. Standard errors are clustered by region. ***, **, and * denote statistical significance at a 1, 5 and 10
percent confidence level.

Main Results. In what follows we document that higher commodity prices lead to larger employment

losses in relatively unskilled industries (cost channel). We compare firm-level employment adjustments

in industries within the tradable and the nontradable sectors separately, thus muting the wealth channel.

Table 2 presents our main results. It displays the estimated parameters of different specifications of

equation (2) using our quarterly firm panel described in Section 2. This is an unbalanced panel with a

maximum of 60 observations per firm during the period 1999-2013. These firms are located across 558

local labor markets. The dependent variable is (log) firm employment.25 We include firm fixed effects as

well as time (quarter) fixed effects which we allow to vary by region.26 We cluster standard errors at the

23We estimate this regression on the skill premium with annual observations given the nature of how wage data is reported.
As described in more detail in Section 2, we observe the annual earnings per job spell in each year as well as December
earnings. Employment regressions below are estimated using quarterly data.

24A limitation of this regression stems from the changing composition of employment in response to commodity price
shocks. If a commodity price increase attracts unskilled workers into employment, this will bias our estimates of the impact
on the skill premium towards zero. Autor et al. [2013] acknowledge the same type of bias when measuring the impact
of Chinese import competition on wages in U.S. local labor markets. Note that we do find an increase in total regional
employment in response to commodity price shocks, as shown in appendix A.2.1.

25Employment and commodity prices are measured in the last month of each quarter.
26By introducing year by state fixed effects, we control for confounding shocks to broader Brazilian regions. While we

believe no individual region is large enough to impact international commodity prices, shocks to larger areas in Brazil
potentially could. State by year fixed effects control for this.
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non-exporting firms within industries allows us to provide evidence on the wealth channel of transmission.

Columns 1 and 2 in table 3 display the results for equation (3). Given the well-documented link

between exporting status and firm size, we additionally include interaction terms between firm size bin

dummies and the price index.30 This controls for the possibility that the results are driven by changes

in firm size over time.

We find a much larger negative elasticity of firm employment to commodity prices for exporters

(-0.0956) than non-exporters (-0.0335) in the tradable sector (see column 1).31 This large and statistically

significant difference illustrates the relevance of the wealth channel in the transmission of commodity

price shocks. These results are robust to including the interaction between commodity prices and the

skill intensity share of each tradable industry, as well as the interaction between the exchange rate and

the exporter dummy, as we show in appendix A.3.1.

Table 2: Commodity Prices and Firm-Level Employment: The Cost Channel

Commodity Tradable Nontradable Commodity Tradable Nontradable
(1) (2) (3) (4) (5) (6) (7) (8)

(log) Pricert 0.131∗∗∗ -0.136∗∗∗ -0.140∗∗∗ 0.010 0.100∗∗ -0.136∗∗∗ -0.138∗∗∗ 0.014∗

(0.041) (0.016) (0.018) (0.008) (0.039) (0.016) (0.018) (0.008)
Skill Intensityi x (log) Pricert 3.467∗∗∗ 0.795∗∗∗ 0.943∗∗∗ 0.845∗∗∗

(0.312) (0.074) (0.077) (0.021)

Observations 1,007,633 8,086,964 6,960,963 30,453,468 1,007,570 8,007,422 6,881,423 30,453,457
R2 0.907 0.873 0.867 0.849 0.908 0.873 0.866 0.849

Note: This table reports the results of the estimation of equation (2) by sector. The first four columns exclude the
interaction between commodity price and industry’s skill intensity. Column 1 corresponds to the commodity sector. Column
2 and 3 corresponds to the tradable sector. Column 3 excludes commodity-intensive industries. Column 4 corresponds to the
nontradable sector. Columns 5 to 8 include the interaction term, which allows the identification of the cost channel. Column
5 displays the results for the commodity sector. Columns 6 and 7 (excluding commodity-intensive industries) display the
results for the tradable sector. Column 8 presents point estimates for the nontradable sector. Each regression includes firm
and time (quarter) fixed effects that are allowed to vary by state. Note we estimate equation (2) demeaning the commodity
price index and skill intensity variables. Standard errors are clustered by firm. ***, **, and * denote statistical significance
at a 1, 5 and 10 percent confidence level.

Our results indicate a commodity boom leads to a negative impact on manufacturing firms, resulting

from the superposition of the cost and wealth channels. This coincides with the classic Dutch Disease

literature [Harding and Venables, 2016]. Two recent papers however, in very different contexts, find

seemingly different results. Allcott and Keniston [2014] use geographical variation to study the impact

of oil and gas endowments in the U.S. on local manufacturing revenue, employment and productivity.

Faber and Gaubert [2016] use geographic variation to examine the long-term economic consequences

of a shock to nontradable industries - the expansion of tourism in Mexican coastal regions. Both

papers exploit agglomeration externalities triggered by the boom with long-run productivity and demand

30We include the interaction between the regional commodity price index and the following firm-size dummies: 0 to 50
workers, 50 to 100 workers, 100 to 500 workers, 1000 and more workers.

31The results are similar when we exclude tradable industries with an intensive use commodities as inputs, as shown in
column 2.
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5.4 Aggregate Impacts and Welfare

We now evaluate the macroeconomic effects of a commodity price super-cycle and assess the welfare cost

of downward wage rigidity during these episodes. To this end we simulate the behavior of the following

three economies that differ only in their degree of wage rigidity: a flexible economy (χ = 0.983), an

economy with an intermediate degree of rigidity (χ = 0.990) which was the case used in the previous

sections, and a highly-rigid economy (χ = 0.995).
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Figure 6: Response of the Unemployment Rate and the Skill Premium to a Commodity Price
Super-Cycle

Note: This figure shows the response of the unemployment rate (left) and the skill premium (right) to the to the commodity
price super-cycle shown in figure 3. The different lines correspond to the i) economy with flexible wages (green dashed line)
ii) baseline (moderately rigid) economy (solid blue line) iii) highly rigid economy (red crossed line) and iv) steady state level
(black circled line).

Figure 6a plots the evolution of the unemployment rate. Both the peak of the unemployment rate

and the number of years with positive unemployment increase with the level of wage rigidity. The

intermediate and especially the most rigid economy suffer unemployment for several years following the

end of the super-cycle. Figure 6b in turn shows the evolution of the skill premium, which declines during

the boom to a similar extent in all three cases. During the bust, the skill premium in the flexible economy

rises quickly, while in the most rigid economy, it stays at its lowest level for several periods even after the

commodity price is back to the initial steady state. The decline in the skill premium during the boom

implies that the downward wage rigidity constraint is more likely to be binding for unskilled than for

skilled labor, since the optimal downward adjustment of unskilled wages would be larger under flexible

wages. Consistently, we observe that in the flexible economy only the constraint for unskilled labor is

binding while in the most rigid economy, the constraints for both worker types bind. As a consequence, the

skill premium remains persistently low during and following the bust, and the relative labor misallocation
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All	in	all,	recent	success	cannot	
be	interpreted	as	permanent	

	
New	evidence	confirms	
inequality	has	deep	roots	



Conceptual		
Framework	



Worker	(i)	 Firm	(j)	

We	need	to	understand	“jobs”	to		
understand	inequality	

Job	(i,j)	

! !, ! =! ! ! ,! ! 	
Hedonic	models	(e..g.,	Mincer	1957,	Griliches,	1977;	Card	2001)	
DecomposiJons	(e.g,	Juhn,	Murphy,	Pierce;	1983)	
Heterogeneity	across	firms	vs.	individuals	(e.g.,	Abowd	et	al.	1999)	
		
	



Formal	discussion:	Acemoglu	&	Autor	(2010),	Autor	et	al	(2003).	

We	need	to	understand	“jobs”	to		
understand	inequality	

Pre-labor	market	
condiJons	

H0	
(.g.,	cogniJve	ability)	

Skills	
St	

(e.g.,	funcJonal	literacy)	

Tasks	
Tt	

(e.g.	help	customers)	



Formal	discussion:	Acemoglu	&	Autor	(2010),	Autor	et	al	(2003).	

We	need	to	understand	“jobs”	to		
understand	inequality	

Pre-labor	market	
condiJons	

H0	
(.g.,	cogniJve	ability)	

Skills	
St	

(e.g.,	funcJonal	literacy)	

Tasks	
Tt	

(e.g.	help	customers)	
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Individual	
(circumstances	vs.	efforts)	

Firms	

Match	



Missing	the	target	I:	
Skills	



Beyond	posiJve	trends	in	
enrollment	rates…	

	
…what	about	quality/relevance?	

Skills?	
	

Windows	of	opportuniJes?	



What	type	of	skills	are	demanded	by	firms	in	LACs?	
	

	

Source:	Disconnected	(2012)	
Survey	of	Skilll	Demand(ArgenJna,	Brasil,	Chile)		



Missing	the	target	II:	
Pre-labor	market	endowments	

	
(IntergeneraJonal	Transmission	of	Inequality)	



DispariJes	emerge	early	on	with	
major	impact	on	future	income	

inequality	
	
	

New	sources	of	informaJon	allow	a	
more	precise	analysis	



Is private education worth it?

Evidence from Chilean high schoolers∗

Dante Contreras
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Sergio Urzúa
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and NBER

This version: August 13, 2018

Abstract

This paper investigates the labor market returns of attending different high school types.
Our empirical strategy exploits a newly linked administrative data describing the school-to-work
transition of the universe of Chilean students attending tenth grade in 2001. The resulting panel
contains detailed employee-employer data (adult earnings and firm characteristics) integrated
with individuals’ socioeconomic background variables, school characteristics, and pre-labor mar-
ket test scores. We discuss the role of self-selection into school types and present bounds for the
treatment effects of interest. We find that attending private high schools has large and positive
effects on adult earnings. In addition, the estimated returns to school-level value-added mea-
sures and monetary investments in education are higher for private- than public-school students.
Our findings provide new insights into the association of school choice and income inequality.
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Figure 3: Labor market returns of academic achievement
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Notes: We show OLS estimates of a regression of 2013 monthly average earnings on a set of dummy variables indicating
test scores quintiles. The baseline category is the first quintile of each test. Each point in the graph represents the effect of
scoring in each quintile relative to the baseline. We control for exogenous characteristics, family background, and test scores
(see Section 4 for details). Whiskers indicate a 95% confidence interval based on clustered robust standard errors.
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Table 6: Earnings regressions: effects of number of years spent in school on earnings

Variables Lower bound Upper bound

Private-voucher 0.019 0.044***
(0.013) (0.013)

Private-fee-paying 0.181*** 0.244***
(0.019) (0.019)

Exogenous characteristics Yes Yes
Family background Yes Yes
Test scores Yes No

Observations 110,228 110,228

Notes: We estimate the lower and upper bound of the effect of one year at a private-fee-paying and private-voucher school
relative to spending one year in a public school. We obtain these estimates running:

wi =
∑
s

NS′isρs +X′iα+ vi,

where NSis corresponds to the number of years that student i has spent in school s up until 10th grade. This table shows
upper and lower bound on ρz − ρpublic, where z ∈ {private-fee-paying, private-voucher}. To obtain the bounds, we compare
regressions with and without math and language test scores. In parenthesis, we show bootstrapped standard errors that are
clustered at the school level (*** p < 0.01, **p < 0.05, *p < 0.1).
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Table 7: Earnings regressions with firm and location fixed-effects

Variables
No F.E. Firm F.E. Comuna F.E.

Lower bound Upper bound Lower bound Upper bound Lower bound Upper bound

Private-voucher 0.263** 0.484*** 0.223* 0.376** 0.259** 0.467***
(0.122) (0.173) (0.118) (0.149) (0.114) (0.164)

Private-fee-paying 1.987*** 2.845*** 1.440*** 2.045*** 1.822*** 2.627***
(0.241) (0.300) (0.234) (0.273) (0.224) (0.283)

Exogenous characteristics Yes Yes Yes Yes Yes Yes
Family Background Yes Yes Yes Yes Yes Yes
Test scores Yes No Yes No Yes No

Observations 55,858 55,858 55,858 55,858 55,622 55,622

Notes: We show our estimated lower and upper bounds (equations 3 and 4) of the effects of schooling choices on earnings
from October, 2013 (not including zeros). We obtain the lower bound from a regression that includes math and language test
scores. We estimate the upper bound from a regression that does not control for test scores. Both types of equations control
for observed family and exogenous, individual characteristics (see Section 4 for details). We present upper and lower bounds for
three types of models: without fixed-effects, firm fixed-effects, and location fixed-effects. The baseline category is public school
(coefficients on high school dummies represent impacts relative to the baseline). Standard errors (in parenthesis) are clustered
at the school level (*** p < 0.01, **p < 0.05, *p < 0.1).
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Missing	the	target		III:	
Tasks	



Tasks	versus	Skills	

»  Decomposing	the	sources	of	inequality	using	
administraJve	data	
»  Between-	and	within-firm	inequality	

» USA:	Davis	et	al.	(1991),	Abowd	et	al.	(1999)	Barth	et	al.	
(2014),	Song	et	al.	(2015)	
» Germany:	Card,	Henning	and	Kline	(2013)	
» Brazil:	LaJn	America:	Rucci	et.	al.	(2016),	Benguria	et.	al.	
(2016a,b),	Alvarez	et	al.	(2016),	SalJel	&	Urzua	(2016)	

»  How	do	skills	and	tasks	contribute	to	wage	inequality?	
»  Autor,	Katz	and	Kearney	(2008),	Acemoglu	and	Autor	(2010)		
»  Limited	evidence	in	developing	countries	

	
	
	
	
	



Tasks	versus	Skills	
	

» Task	(T):	a	unit	of	work	acJvity	that	
produces	output	
» Non-RouJne	AnalyJc	Tasks	

» Ex.	Developing	plans,	establishing	rules,	evaluaJng	results.	
» Non-RouJne	Personal	Tasks	

» Ex:	interacJng	with	customers,	managing	employees.	
» RouJne	Manual	Tasks	

» Ex:	OperaJng	machines,	prinJng	materials.	

»  Skill	(S):	a	worker’s	endowment	of	capabiliJes	for	
performing	various	tasks.	

	



Learning	About	Tasks	

» We	can	take	advantage	of	matched	employee-employer	
data	from	Brazil.	
» InformaJon	on		

»  Worker	observables,	industry	of	employment,	wages	and	occupaJons.	

» We	take	advantage	of	O*NET	data	(OccupaJonal	
InformaJon	Network)	to	examine	task	prevalence	across	
occupaJons.	

»  Classify	different	occupaJons	by	task	prevalence.	
»  First	focus:	Rio	de	Janeiro	and	Sao	Paulo	in	2003:	

»  14	million	workers	
– We	successfully	match	O*NET	for	1,307	of	the	1,366	reported	
occupaJons	in	Brazil.	



From	theory	to	pracJce:		
Capturing	Tasks	

Occupation 
Non-Routine 
Cognitive Analytic 

Non-Routine 
Cognitive Personal 

Routine 
Cognitive 

Routine 
Manual 

Architects 5 5 3 1 

Economists 5 3 2 1 
Knitting Machine 
Operators 3 2 3 3 

Taxi Drivers 1 1 5 3 

Figure.	Different	occupaJons	by	task	importance	(O*Net)	
O*Net:	OccupaJonal	InformaJon	Network	

Source:	SalJel	&	Urzua	(2016)	



Variables
(A) (B) (C ) (A) (B) (C )

Years of  Education 0.112 0.07 0.047 0.115 0.071 0.048
Non-Routine Cognitive Analytic 0.061 0.089
Non-Routine Cognitive Personal 0.081 0.066
Routine Cognitive 0.000 -0.025
Routine Manual -0.03 -0.003
Individual Controls Yes Yes Yes Yes Yes Yes
Firm Fixed Effects No Yes Yes No Yes Yes
R2 0.29 0.66 0.31 0.69
N

Coefficients are significant at 1%.

Sao Paulo Rio de Janeiro

11,270,604 3,474,056

Source: Saltiel and Urzua (2016). Controls includes: Gender, Race, Potential Experience. 
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Slow	growth	and	increasing	
unemployment	in	the	region	

»  As	the	region	undergoes	slow	growth,	labor	market	
condiJons	deteriorate:	Layoffs.	
»  Lower	salaries.	
»  Lower	tasks	on	the	occupaJonal	ladder.	
» Worse	relaJve	posiJon	in	new	firm.	
»  Impact	on	Inequality?	

»  Mass	layoffs	in	Brazil	to	examine	the	impact	of	
involuntary	layoffs:	
»  Lower	bound	on	effect.		
» May	be	worse	during	an	economy-wide	downturn	as	workers	
are	not	able	to	quickly	re-enter.	



Defining	“Mass	Layoffs”	

» What	is	a	mass	layoff?	
» A	firm	originally	had	over	100	employees	
» Fires	over	half	of	its	employees	in	the	following	
years.	
» Does	not	recover	its	employment	levels	in	
subsequent	years.	

» We	recover	40,000	workers	who	were	fired	in	mass	
layoffs	in	2003-2008.	



Climbing Back Up? Examining the Role of Tasks
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Motivation

Research Design

Matched employee-employer administrative data (RAIS) from a mandatory
annual survey filled by all formal sector firms in Brazil in 2002-2012.

Annual information on 50 million workers and 3 million formal sector firms.

We examine the effect of involuntary job displacement on high-tenured
workers.

Include mass layoff and firm closure events. 50,000+ displaced workers.
Control group includes workers in large firms not affected by displacement.

Estimate the impact of displacement on various outcome variables as follows:

Yit = αi + λt + Xitβ +
6∑

k=−2
Dk

itδk + εit (1)

Examine the effect on monthly earnings and occupational task content.
Analyze heterogeneous impacts by pre-displacement occupation.
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Motivation

Effect on (Log) Monthly Earnings
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Motivation

Heterogeneity: Occupation Switchers
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Motivation

Importance of Tasks

How to quantify direction and distance of occupational changes?
Occupations represent a bundle of tasks (Yamaguchi 2011).

Crosswalk occupational data from RAIS with task content from O*NET.
Define occupations by their non-routine analytical, non-routine interpersonal,
routine cognitive and routine manual task content.

Follow Abowd, Kramarz and Margolis (1999) to estimate return to tasks:

Yit = αi + γf (i,t) + δt +
4∑

j=1
βjTaskj(i,t) + εit (2)

β̂jTaskj(i,t) represents the importance of each task on wages — use it to
decompose observed wage impacts.
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Motivation

Workers in Top Non-Routine Analytical Occupations
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Motivation

Loss in return to non-routine analytical task ( ˆβNATaskNA) for workers in top
quartile of NA task content.

Loss in NA task content represents 5 percent of total earnings losses.
Loss in other tasks account for an additional 5-10 percent of aggregate effect.
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IMPLICATIONS	

– Importance	of	acJve	labor	market	policies	
and	their	role	on	income	inequality	
•  40%	of	workers	never	re-enter	the	formal	sector	

– Role	for	general	job	training 		
• Workers	high	on	the	occupaJonal	ladder	in	iniJal	
firm	fall	in	the	task	ladder	in	new	firm	(Rucci,	Prada	
&	Urzua,	2016)	

– Prepare	workers	to	perform	non-rouJne	
tasks	
• High	returns	in	labor	market			



Main	Future	Challenge:	
	PromoJng	equal	opportuniJes	+	compeJJveness	

			
	



AssociaJon	between	
GPD	and	%	of	15	yr-old		

with	top	scores	



AssociaJon	between	
GPD	and	%	of	15	yr-old		

with	top	scores	
						In	a	nutshell,	top	performers:		
•  Link	different	informaJon	sources	and	

representaJons	and	flexibly	translate	among	them.	
•  Formulate	and	precisely		communicate	their	acJons	

and		reflecJons	regarding	their	arguments.	



AssociaJon	between	
GPD	and	%	of	15	yr-old		

with	top	scores	

LAC		



Degree	of	future	global	
compeJJveness:	

	
	What	is	the	number	of	15	
year-old	reaching	top	

scores?		
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One	Bus	
=		

44	(0.0064%)	
Bus	X	8	1/3	

=		
365	(0.12%)	

Airbus	A380	x	153	
=		

80.282	(12.1%)		
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Without	structural	reforms,	LACs	will	
not	boost	producJvity,	sacrificing	future	

social	and	economic	development		
		

NO	SINGLE	BULLET	
	

InnovaJon	in	public	policies	
(beWer	data+monitoring+evaluaJon=	beWer	results)		

	
	
	

	



	
Thank	you	
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